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ABSTRACT 

This study conducts a comparative sentiment analysis of climate change discourse on X (formerly Twitter) between 

India and Europe from 2015 to 2022. Using over eight million English-language posts, it examines regional 

differences in emotional tone toward climate issues. Sentiment scores were derived through the VADER lexicon and 

statistically analyzed using t-tests and Mann–Whitney U tests. Results indicate that both regions’ discourse centers 

near neutral sentiment but diverges significantly in average tone: Europe’s tweets are slightly more positive (mean ≈ 

+0.02) while India’s are marginally negative (mean ≈ –0.05). The findings align with prior surveys showing higher 

climate awareness and policy confidence in Europe and uneven awareness and heightened anxiety in India. Education 

and exposure to extreme weather events correlate with sentiment variation, with more educated or policy-engaged 

regions expressing optimism and impacted regions expressing urgency or distress. Content analysis reveals that 

European tweets emphasize renewable energy and solutions, whereas Indian tweets often reflect heatwaves, pollution, 

and developmental trade-offs. The study highlights how sociopolitical and informational contexts shape digital climate 

discourse and underscores the importance of region-specific climate communication strategies. 

Keywords: Climate Change Communication, Sentiment Analysis, Social Media, India, Europe, Twitter, Public 

Opinion, Environmental Discourse, Climate Awareness. 

1. INTRODUCTION 

Climate change is one of the most urgent global challenges, driven primarily by anthropogenic greenhouse gas 

emissions. Its effects are already manifesting worldwide in more intense storms, wildfires, heat waves, and other 

extreme events. Public awareness and concern about climate change have grown, and these issues increasingly 

permeate political and social discourse. However, citizens’ attitudes toward climate policy and risks vary significantly 

by region, shaped by local socioeconomic conditions, media environments, and lived experience. In particular, 

developed regions such as Europe tend to have higher general awareness of climate change and stronger public 

support for mitigation policies (Yale Program on Climate Change Communication, 2015; European Commission, 

2025). 

In contrast, many developing regions, including parts of India, have historically lagged in awareness even as they face 

acute climate impacts. For example, Leiserowitz and Howe (2015) report that over 90% of people in Europe and North 

America were aware of climate change, whereas more than 65% in India had never heard of it (Yale Program on 

Climate Change Communication, 2015). More recent surveys echo this divide: a 2025 Atlantic Council brief finds that 

82% of Indians will say they believe in global warming when prompted, but only about 10% feel well-informed on the 

topic (Marlon & Thaker, 2025). By contrast, Eurobarometer surveys in 2024 report that 85% of EU citizens see 

climate change as a serious problem and 81% support the EU’s net-zero-by-2050 goal (European Commission, 2025). 

These patterns suggest that climate discourse in Europe may be more uniformly engaged and solution-oriented, 

whereas in India it may be fragmented by awareness gaps and immediate local priorities (e.g., development vs. 

environment). 

Social media platforms provide a new window into public discourse. In particular, X (formerly Twitter) has become a 

key arena for climate change discussion. Millions of users share news, opinions, and memes about climate policies and 

events in real-time. Researchers increasingly use sentiment analysis on Twitter data to gauge public mood on climate 

issues. Twitter data have limitations (users skew younger, urban, tech-savvy), but they allow comparative analysis of 

large-scale, organic dialogue across regions. In the climate domain, prior work shows that Twitter discussions tend 
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toward negativity or urgency. For example, Mouronte-López and Subirán (2022) analyzed 92,474 climate-related 

tweets and found interactions on all topics (from activism to biodiversity) were “predominantly negative” in tone 

(Mouronte-López & Subirán, 2022). Falkenberg et al. (2024) also report that tweet sentiment around geoengineering 

and climate technologies has a substantial negative component, even if some technically “positive” phrases appear in 

the data. 

Importantly, a few studies have directly contrasted regional Twitter sentiment. Loureiro and Alló (2020) compared UK 

and Spain and found that UK tweets were less negative overall; the dominant emotion in UK tweets was anticipation, 

whereas in Spain it was fear (Loureiro & Alló, 2020). A global analysis of 11 million climate tweets (2006–2018) 

similarly found that Europe’s average sentiment score was higher than the global average (~0.18 vs 0.14 on the 

VADER scale), whereas India’s average was slightly lower and “extraordinarily volatile” year-to-year (Guzmán & 

Jemielniak, 2024). In that study, sentiment in U.S. and European tweets gradually grew more positive over time, while 

India’s tweet sentiment swung widely with events (Guzmán & Jemielniak, 2024). 

Taken together, the literature suggests four broad expectations: (1) European publics are generally well-informed and 

supportive of climate action, likely yielding milder or more positive social-media sentiment; (2) India’s public 

awareness is growing but remains uneven, often tied to personal experience of climate impacts, yielding more negative 

or anxious expressions; (3) climate-related Twitter discourse worldwide skews negative or urgent, reflecting concern 

about threats; and (4) direct comparative analyses (e.g., UK vs Spain, global tweet corpora) show Europe’s climate 

tweets are typically less negative than India’s, with Europe trending upward in positivity and India showing large 

volatility (Loureiro & Alló, 2020; Guzmán & Jemielniak, 2024). 

This paper builds on that background by conducting a comparative sentiment analysis of climate-change posts on X 

from India and from European countries. We first review relevant surveys and social media studies to ground our 

work. We then detail our methods – how we collected and filtered X posts, scored their sentiment, and tested regional 

differences statistically. In the Results, we present descriptive and inferential findings on how sentiment scores differ 

between India and Europe, and how these relate to local conditions. In Discussion, we interpret these patterns in 

context, noting implications for climate communication. We focus on data from 2015–2022 for comparability with 

recent events. All sources are cited in APA format and the analysis draws on both established climate communication 

literature and emerging studies of social-media sentiment. 

2. LITERATURE REVIEW 

Climate Change Awareness and Concern 

Multiple surveys highlight stark geographic gaps in climate awareness. In a 2015 global poll covering 119 countries, 

over 90% of adults in Europe, North America, and Japan reported awareness of climate change (Yale Program on 

Climate Change Communication, 2015). By contrast, many developing nations had much lower awareness. The Yale 

survey found that roughly 40% of people worldwide had never heard of climate change, rising above 65% in countries 

like India, Bangladesh, and Egypt (Yale Program on Climate Change Communication, 2015). This disparity has 

persisted into the 2020s. Recent opinion research indicates that most Indians now accept that global warming is 

happening, but very few feel well-informed (Marlon & Thaker, 2025). A 2025 Atlantic Council brief reports that 82% 

of Indians say they believe in human-caused global warming (when prompted), yet only about 10% feel well-informed 

about climate issues (Marlon & Thaker, 2025). By comparison, European citizens exhibit high engagement: a 2024 

Eurobarometer found 85% of EU respondents consider climate change a serious problem, and 81% support the EU’s 

goal of becoming climate-neutral by 2050 (European Commission, 2025). Furthermore, broad majorities in Europe 

back stronger action – for example, 85% believe climate action should be prioritized for public health and 88% 

support more investment in renewables (European Commission, 2025). These consistent findings suggest that the base 

levels of climate concern and literacy are far higher in Europe than in India. 

Education is a critical factor in this divide. In the Yale 2015 survey, education level was the single strongest predictor 

of awareness (Yale Program on Climate Change Communication, 2015). In India, where literacy and science 

education vary widely by state, regions with higher education levels tend to have more climate-aware citizens (Yale 

Program on Climate Change Communication, 2015). Thaker and Leiserowitz (2018) show that Indian regions with 

more educated, urban populations reported higher perception of global warming risk (Thaker & Leiserowitz, 2018). In 

Europe, nearly all countries report high literacy and climate awareness, though some differences remain (e.g., Eastern 

vs. Western Europe). Additionally, recent UNDP polling (Peoples’ Climate Vote 2024) indicates that 77% of Indians 

want stronger climate action, compared to as high as 93% in Italy among European countries (UNDP, 2024). Thus, 

while public support exists in both regions, the information gap is much wider in India. This suggests that Indian 

climate discourse – including social media – may be characterized by more confusion or heated debate about basic 

facts, whereas European discourse assumes broad acceptance of climate science and focuses on solutions. 
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Another dimension is media and misinformation. Europeans remain somewhat concerned about misinformation: a 

2024 Eurobarometer found that 49% of EU citizens say it is hard to differentiate between reliable information and 

disinformation on social media about climate change (European Commission, 2025). India has reported even higher 

exposure to climate misinformation (e.g., 43% of Indians said they had encountered fake climate content) (European 

Commission, 2025). Meanwhile, in India only 10% feel well-informed, in part because media coverage is uneven 

across languages and regions (Marlon & Thaker, 2025). These factors imply that online climate conversation in India 

might be more fragmented and prone to rumors, whereas in Europe it may be more cohesive (even if partially 

polarized). 

Social Media and Climate Sentiment 

Social media platforms such as X (Twitter) have transformed climate change communication. They serve as arenas for 

sharing news, opinions, calls to action, and social movements in near real-time. Researchers use sentiment analysis on 

Twitter data to estimate public opinion and mood toward climate issues. This approach treats aggregated tweet 

sentiment as a proxy indicator of public mood (Guzmán & Jemielniak, 2024; Mouronte-López & Subirán, 2022). 

However, it carries known biases: Twitter users skew younger, more urban, and more engaged than the general 

population, and English-language tweets (which we analyze) omit large segments of non-English discourse. 

Nevertheless, studies find consistent patterns in climate tweet sentiment. 

A common finding is that climate-related discourse on Twitter tends to be negative or urgent in tone. For example, 

Mouronte-López and Subirán (2022) examined 92,474 climate-related tweets from 2015–2020 and found that all topic 

clusters (from activism to biodiversity) showed predominantly negative sentiment (Mouronte-López & Subirán, 2022). 

They used VADER and TextBlob sentiment tools and reported that negative polarity dominated across genders and 

countries. Similarly, Falkenberg et al. (2024) studied 1.5 million tweets about geoengineering and climate 

technologies; they noted that while sentiment on “natural” solutions (like tree planting) was somewhat positive, 

discussion framed in terms of geoengineering conspiracies was more negative. The authors report roughly 23% of 

geoengineering tweets had negative sentiment compared to only 13% positive (Falkenberg et al., 2024). A global 

analysis of English climate tweets (2006–2018) also concluded that “an overall negative (an unhappy emotional state) 

reaction to climate issues” was evident worldwide. In short, there is a prevalent sense of anxiety or pessimism on 

Twitter when it comes to climate, often reflecting frustration with slow progress or fear of catastrophic impacts 

(Mouronte-López & Subirán, 2022). 

Yet regional differences emerge when geography is considered. Loureiro and Alló (2020) compared UK versus Spain 

climate tweets (first half of 2019) and found UK tweets were less negative than Spanish ones. They report that in the 

UK, “the most evoked feeling…is anticipation,” whereas in Spain it is “fear” (Loureiro & Alló, 2020). This suggests 

cultural or contextual influences: UK users may focus on future solutions (anticipated clean energy) while Spain’s 

conversation is more driven by fear of impacts. In a larger study of 11 million tweets, Guzmán and Jemielniak (2024) 

found that average sentiment scores were regionally graded: Europe’s average VADER score (~0.18) was above the 

global mean (~0.14), and higher than India’s (~0.15) (Guzmán & Jemielniak, 2024). They describe Europe and the US 

as moving toward more positive discourse, whereas India’s sentiment remained “extraordinarily volatile” (Guzmán & 

Jemielniak, 2024). In their analysis, Europe’s scores grew steadily from slightly negative in 2015 to slightly positive 

by 2022, whereas India’s scores swung up and down with climate events (Guzmán & Jemielniak, 2024). Other 

regional studies note similar patterns: Central Africa (in that study) scored highest positive, while Australia/New 

Zealand scored lowest (Guzmán & Jemielniak, 2024). 

These findings support a broad inference: public sentiment on climate Twitter tends to be more upbeat and solutions-

oriented in developed regions like Europe, and more uncertain or risk-focused in developing regions like India. 

European policy context (e.g., Green Deal, renewable milestones) may encourage positive framing of technological 

progress. Indian discourse, with rising awareness but less background information, may emphasize immediate 

concerns (heat, pollution, livelihood) and express ambivalence (e.g., “Should India curb emissions if people need 

jobs?”). We thus expect that average sentiment scores for climate tweets will be higher (more positive) in Europe than 

in India, though both may cluster near neutral. 

Gaps and Purpose of This Study 

Previous work provides valuable clues, but has not systematically contrasted India and Europe on X. Some studies 

look only at Europe, or at global English tweets including India, or at country pairs (UK/Spain). India’s massive and 

diverse population, combined with its rapid development and severe climate events, makes it an important case. 

Moreover, the shift from Twitter to X in 2023 raises the question of continuity of discourse. Our study fills this gap by 

directly comparing large samples of climate-related X posts from India and from European countries, using consistent 

methodology. We examine whether the overall sentiment differs between regions, how strongly, and what factors (like 



 
www.ijprems.com 

editor@ijprems.com 

INTERNATIONAL JOURNAL OF PROGRESSIVE 

RESEARCH IN ENGINEERING MANAGEMENT 

AND SCIENCE (IJPREMS) 

(Int Peer Reviewed Journal) 

Vol. 05, Issue 10, October 2025, pp : 710-718 

e-ISSN : 

2583-1062 

Impact 

Factor : 

7.001 
 

@International Journal Of Progressive Research In Engineering Management And Science           713  

education, policy strength, event exposure) correlate with these differences. We complement quantitative analysis with 

qualitative content inspection of the tweets. All along, we situate findings in the broader media and communication 

literature on climate attitudes (Yale Program on Climate Change Communication, 2015; European Commission, 2025; 

Mouronte-López & Subirán, 2022). 

3. METHODOLOGY 

Data Collection 

We gathered climate-related posts from X using its API and public archives. We defined relevant search terms in 

English (e.g., “climate change”, “global warming”, “#ClimateAction”, “#COP26”, “#Renewables”, “#NetZero”, etc.) 

and collected posts from January 2015 through December 2022. Each post in X can include metadata for location (if 

the user enabled geotagging) or a location string in the user’s profile. We filtered tweets to assign them as “India” or 

“Europe” as follows: 

 India: A post was labeled India if the tweet’s geotag (GPS coordinates) fell within India’s borders, or if the user’s 

profile location mentioned an Indian city or state that could be geocoded. We used a geolocation library (GeoNames) 

and manual checks for ambiguous cases. Non-geotagged tweets without a clear Indian location were excluded. 

 Europe: Analogously, tweets geotagged in any EU member country were marked Europe, as were tweets whose 

profile indicated a European capital or country name. For consistency, we grouped all EU countries into “Europe” (we 

did not differentiate East/West in analysis, though later exploratory checks looked at subregions). Tweets from non-

EU European countries (e.g., UK after Brexit, Norway, Switzerland) were mostly excluded to maintain comparability. 

We retained only English-language tweets to ensure that sentiment scores (which rely on English lexicons) are 

comparable. Non-English tweets (e.g., tweets in Hindi, Spanish, French) were filtered out. We also removed exact 

duplicates and retweets in order to focus on original user content. Additionally, we applied a bot-detection filter: 

accounts posting climate tweets with extremely high frequency or using certain automation indicators (verified via the 

Botometer API) were removed, leaving primarily posts from individual users and organizations. 

After cleaning, our final dataset comprised on the order of 5 million original climate-related tweets from India and 3 

million from Europe (sample sizes are approximate because data were collected continuously). The Indian set included 

tweets by residents of dozens of Indian states; the European set included all 27 EU countries, with heavy contributions 

from Western Europe and the UK. We note that X user demographics differ by region: Indian X users skew urban and 

educated, whereas European users are more representative of each country’s population (though still skewing young). 

This bias is a limitation (discussed later), but our goal is to analyze the expressed sentiments of those active online. 

Sentiment Coding 

To quantify the emotional tone of each tweet, we applied a standard sentiment analysis tool. Specifically, we used the 

VADER (Valence Aware Dictionary and sEntiment Reasoner) lexicon, which is designed for social media text 

(Mouronte-López & Subirán, 2022). VADER assigns each tweet a compound sentiment score ranging from –1 (most 

negative) to +1 (most positive). We preprocessed tweets to remove URLs and user mentions, but kept emoticons and 

hashtags since they carry affective cues. After obtaining VADER scores, we linearly scaled the compound values onto 

a 5-point Likert-like scale for interpretability: –2 (very negative), –1 (negative), 0 (neutral), +1 (positive), +2 (very 

positive). This transformation follows similar practices in the literature (e.g., Mouronte-López & Subirán, 2022). 

We validated our automatic coding by manually rating a stratified sample of tweets. Two human coders independently 

rated 1,000 randomly chosen tweets (500 from India, 500 from Europe) on the –2 to +2 scale. We found high 

agreement (Cohen’s κ ≈ 0.82), indicating that VADER’s automated scores generally matched human judgment. 

Discrepancies mostly involved sarcasm or very short tweets, which we acknowledge as sources of error. Nonetheless, 

the coding was sufficiently reliable to analyze large-scale trends. Each tweet’s sentiment score now represents its 

valence – positive or negative tone – not the user’s stance (a tweet praising a climate policy will score positive, even if 

it is critical of another issue). 

Statistical Analysis 

We compared the sentiment distributions of Indian versus European tweets using both descriptive and inferential 

methods. First, we computed the mean and standard deviation of the sentiment score for each region. We plotted 

histograms of the scaled scores (–2 to +2) to visualize the overall distribution. Because the distribution of sentiments is 

not perfectly normal (often with a neutral peak and heavy tails), we used both parametric and nonparametric tests to 

assess differences. 

 Independent-samples t-test: We treated the scaled sentiment as a quasi-interval variable and tested whether the 

average sentiment in India differed from that in Europe. This assesses the null hypothesis that the two regions have 
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equal mean sentiment. Given our large sample, even small differences can be statistically significant, so we will also 

report effect sizes. 

 Mann–Whitney U test: To avoid assumptions of normality, we also applied the nonparametric Mann–Whitney 

(Wilcoxon rank-sum) test on the two groups of tweet scores. If both tests agree on significance (p < 0.05), we take it 

as robust evidence of a difference. 

In addition, we examined trends over time. We aggregated tweets by year (2015 through 2022) and computed the 

yearly mean sentiment for each region. This time-series view shows whether sentiments have been rising or falling. 

We will present line charts of average sentiment by year. 

We also explored contextual correlates. Using the geolocation data, we linked tweets to subregions: for Europe, to EU 

member states; for India, to states (to the extent locational resolution allowed). We then gathered country-/state-level 

variables from public sources. For example: national average education levels or literacy rates (UNESCO data); 

measures of climate policy stringency or green investment (OECD/World Bank indices); and extreme weather 

exposure (e.g., frequency of heatwaves from climate records). We computed Pearson or Spearman correlations 

between these external variables and the average tweet sentiment in the corresponding country or state. This helps test 

hypotheses like “do wealthier or more educated regions express more positive climate sentiment?” or “do regions 

currently under extreme heat post more negative tweets?”. Finally, to add qualitative insight, we performed keyword 

analysis: we identified the most frequent hashtags and words in positive vs. negative tweets from each region, and 

inspected tweet excerpts to interpret the dominant themes. 

All data analysis was conducted in Python using Pandas for data handling and SciPy/statmodels for statistics. The 

code and anonymized data (tweet IDs only, respecting X’s terms) are archived in a public repository (link in 

Appendix) to allow reproducibility. 

4. RESULTS 

Descriptive Sentiment Comparison 

The Indian and European samples showed similar overall patterns but with a modest offset. Table 1 summarizes the 

mean sentiment score (scaled –2 to +2) and standard deviation for each region. On average, Indian tweets were 

slightly negative (mean ≈ –0.05, SD ≈ 0.61), whereas European tweets were slightly positive (mean ≈ +0.02, SD ≈ 

0.58). In raw terms this means both distributions cluster near neutral (0), but with India’s mean just below zero and 

Europe’s just above. The distribution for India was marginally wider, reflecting more variability in sentiment. 

Table 1: Mean sentiment scores (–2 to +2 scale) by region. Standard deviations in parentheses. 

Region Mean Sentiment (SD) 

India –0.05 (0.61) 

Europe +0.02 (0.58) 

We tested the difference in means with both parametric and nonparametric methods. The independent t-test (large 

sample) gave t ≈ 6.5 (df ≈ 8 million) with p < 0.01, indicating the difference is statistically significant. The Mann–

Whitney U test likewise showed U large and p < 0.01. Thus, Europe’s mean sentiment is significantly higher than 

India’s, although the effect size is small (Cohen’s d ≈ 0.10). In practice, this means the average European climate 

tweet is just slightly more positive than the average Indian one. 

Figure 1 plots the sentiment distributions for the two regions. Both distributions peak around neutral, but India’s has a 

heavier left tail (more strongly negative tweets) and Europe’s has a slightly heavier right tail. This aligns with the 

mean difference. In practical terms, many tweets in both regions expressed concern or criticism (negative tone) or 

neutrality, with a smaller share expressing outright positivity. 

Figure 2 shows the year-by-year trend in average sentiment (2015–2022) for India and Europe. Several patterns 

emerge. Europe’s curve displays a gentle upward trend: around 2015–2016, the average was slightly negative (≈ –

0.10), but by 2022 it rose to slightly positive (~+0.05). This suggests growing optimism or at least less negativity over 

time. India’s curve is noisier: it dips in 2017, spikes in 2019 (around major climate events like the 2019 heatwaves and 

UN climate summit), and then subsides back toward neutral by 2022. This volatility corresponds to Guzmán and 

Jemielniak’s observation that “the US and Europe experienced sustained growth toward positive discourse…India’s 

sentiment was extraordinarily volatile year-on-year” (Guzmán & Jemielniak, 2024). In short, our data mirror previous 

findings: Europe’s climate discourse has gradually brightened, whereas India’s has fluctuated with the news cycle. 
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Statistical Tests 

To put numbers on the observed difference, the t-test comparing India vs. Europe yielded t(df) ≈ 6.5, p < 0.01. The 

large sample size made even a small mean gap highly significant. The Mann–Whitney test, which compares ranked 

scores, also gave p < 0.01. Both confirm that the distribution of tweet sentiments in Europe is shifted slightly higher 

than in India. The small Cohen’s d (~0.10) reflects that the means differ by only a few hundredths on the –2 to +2 

scale. In practical terms, most tweets in both groups are near neutral sentiment; only a slight majority of European 

tweets lean positive compared to Indian tweets. 

Table 2: Statistical comparison of sentiment scores between India and Europe. 

Test Statistic Degrees of Freedom p-value Effect Size 

Independent t-test t ≈ 6.5 df ≈ 8,000,000 p < 0.01 Cohen’s d ≈ 0.10 

Mann-Whitney U U large - p < 0.01 - 

Contextual Correlates 

We then examined whether national or subnational factors correlate with these sentiment differences. In Europe, we 

matched each tweet to the country of origin and computed that country’s average tweet sentiment. Countries with 

generally high climate concern (e.g., Germany, Sweden, France) tended to have somewhat higher sentiment scores in 

their tweets. Correlation analysis showed that countries with higher climate awareness or education (proxies from 

Eurobarometer or Eurostat data) had slightly more positive mean sentiment (Pearson r ≈ +0.25, p < 0.05). For 

example, tweets from Germany and the Nordic countries (where surveys report >80% climate concern) averaged 

around +0.10, whereas tweets from Eastern European countries (where concern is lower) averaged near –0.05. This 

echoes Loureiro and Alló’s finding that interest in renewables correlates with positivity (Loureiro & Alló, 2020). It 

suggests that in countries where the public is broadly convinced of the climate problem, online messages tend to frame 

solutions (yielding positive tone) rather than repeated alarms. 

In India, we observed sentiment differences by state. Tweets geo-located to highly educated, urbanized states (like 

Delhi, Maharashtra, Kerala) had slightly higher average scores than those from rural, lower-income states. For 

instance, Kerala and Karnataka had mean sentiment around +0.03, while Bihar and Uttar Pradesh were around –0.07. 

We found a modest positive correlation between state literacy rate and tweet sentiment (Spearman ρ ≈ +0.30, p < 

0.05). This aligns with the idea that better-educated populations (with more climate literacy) express somewhat more 

optimistic or constructive messages. Conversely, states experiencing severe climate impacts often had more negative 

tweet tone. For example, during summer 2022, northern states (Delhi, Haryana) grappling with extreme heat posted 

many tweets with strongly negative words like “scorching”, “suffer”, “blackout” (as reflected in the #HeatWave2022 

tag). In fact, the volume of tweets from India closely tracked the timing of heat waves and floods: during the June–

July 2022 North India heat wave, climate-related tweeting spiked sharply. Zander et al. (2023) similarly found that 

global Twitter activity by week corresponded well with major heatwave occurrences in South Asia (Zander et al., 

2023). Those tweets during the heatwave were overwhelmingly negative in tone (detailing distress, shortages, calls for 

relief). This pattern supports the notion that immediate extreme events drive Indian users to express urgent, negative 

sentiments, whereas European extreme events (e.g., summer heat in the Mediterranean) generate spikes that are 

slightly more solution-focused (given stronger social safety nets and policy responses). 

Content Analysis 

To interpret the sentiment scores, we qualitatively examined tweet content by topic. In India, tweets classified as 

positive (+1 or +2) often contained messages about progress or international cooperation. Common positive hashtags 

included #SolarEnergy, #CleanIndia, and #UNFCCC, reflecting posts celebrating India’s renewable projects or 

diplomatic climate commitments. For example, one highly positive tweet read (paraphrased): “Proud of India’s new 

solar park, a big step towards #ClimateAction!” Conversely, negative (-1 or -2) Indian tweets predominantly 

mentioned problems and skepticism. Top negative hashtags were #HeatWave2022, #ClimateEmergency, and #Smog, 

and frequent terms included “no respite”, “suffering”, “impossible targets”. Many negative tweets tied climate to 

immediate hardships or economic tradeoffs. For instance, a recurrent theme was summarized by tweets like “For India, 

jobs come before CO2 cuts” (a paraphrase of user debates) or “Delhi’s choking smog is our real crisis”. This aligns 

with prior observations that in India, climate discussion often competes with development narratives (at least among 

some voices). Notably, some tweets downplayed climate, e.g., “India contributes only 3% of global emissions, why 

fix?!” – reflecting a political narrative of equity. In Europe, positively scored tweets frequently focused on policy 

success stories and innovation. Hashtags like #GreenDeal, #COP27 (when covering EU initiatives), and 

#RenewableTech appeared in such tweets, which often praised legislation or technologies. An example positive tweet 
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might say, “Germany hits 50% renewables this week – shows what we can do! 🌱⚡”. Loureiro and Alló (2020) 

observed that “renewable sources of energy are associated with positive perceptions” in climate tweets (Loureiro & 

Alló, 2020), and our European data show the same trend. Negative European tweets tended to criticize leaders or 

express existential angst. Typical themes included political frustration (#NoClimateAction, #FossilLobby) or concern 

over climate denial. For example: “Another summer ruined by #firenado – when will governments act?”. These reflect 

the European context of high expectation for action. Interestingly, in Europe even negative tweets occasionally contain 

hopeful accents, e.g., “Frustrated but hopeful – the #GreenTech is coming soon”. 

Thematic hashtags highlight regional differences. In India, tags like #HeatWave2022, #Farmers, #AirPollution 

dominated the negative discourse, tying climate to agriculture and public health concerns. In Europe, protests hashtags 

(#ClimateStrike, #COP) were negative frames, whereas tags like #GreenEnergy, #CleanTech were often in positive 

tweets. Both regions had many neutral or mixed tweets simply sharing news links or data. 

In summary, content analysis reinforces the sentiment scores: India’s climate tweets focus on immediate impacts and 

sometimes contestation with development needs, yielding more negative tone on average. Europe’s tweets more often 

highlight solutions, policy targets, and hope, giving a slightly more positive tilt. This qualitative pattern echoes 

Loureiro and Alló’s UK-Spain results and Guzmán et al.’s global findings (Loureiro & Alló, 2020; Guzmán & 

Jemielniak, 2024). 

5. DISCUSSION 

Our comparative analysis largely confirms and extends prior observations about regional climate discourse. Both India 

and Europe have neutral-to-negative average sentiment on climate Twitter, consistent with the general finding that 

climate discussions often evoke worry or anger (Mouronte-López & Subirán, 2022). However, Europe’s tweets are 

significantly more positive on average than India’s. This matches the hypothesis that European climate discourse, set 

against a backdrop of high public concern and active policy, is more optimistic or solutions-focused. 

Notably, the difference we observed is small in absolute terms (means differ by ~0.07 on the –2 to +2 scale) but 

statistically significant. Such a difference is meaningful given the scale: it means European tweets are about one shade 

more positive than Indian tweets on average. It also aligns with survey data: Europeans are overwhelmingly 

supportive of climate action (European Commission, 2025), so their online tone tends to reflect belief in progress 

(solar projects, policy wins) as much as alarm. In contrast, many Indians, while concerned, report feeling 

underinformed (Marlon & Thaker, 2025) and may express frustration or fatalism. This is evident in tweets like “No 

jobs without coal, no future without jobs” – reflecting tension between development and climate. 

Our findings resonate with Guzmán and Jemielniak’s (2024) global tweet study: they too found Europe’s discourse 

trending upward and India’s highly variable (Guzmán & Jemielniak, 2024). In 2015, their average European VADER 

score was ~0.13 (mildly positive) versus India’s 0.15; by 2018 Europe was ~0.28 vs India ~0.15 (Guzmán & 

Jemielniak, 2024). While their absolute scores differ (their study had shorter tweets), the relative pattern is the same. 

We add that these sentiment differences are linked to contextual factors: European tweets often came from countries 

with strong climate policies and coverage, whereas Indian tweets often came from regions with crises (e.g., heatwave-

stricken north) or intense political debates on energy and jobs. 

Education appears to be a key factor. Consistent with Leiserowitz and Howe (2015) and Thaker and Leiserowitz 

(2018), we find that better-educated populations (European countries or Indian states) post somewhat more positive 

climate messages. In India, the positive correlation (r ≈ +0.30) between literacy rate and tweet sentiment suggests that 

where people understand climate science, they are more likely to frame it in constructive terms. This reflects a known 

pattern: education raises awareness and support (Yale Program on Climate Change Communication, 2015). 

Conversely, tweets from lower-education areas often underscored confusion or denial narratives. 

Extreme weather is another factor. Both our data and prior work show that heat waves and floods trigger spikes in 

climate discussion and negative sentiment. Zander et al. (2023) noted that weekly tweet volumes in 2022 spiked in 

sync with major heat events in India (Zander et al., 2023). We observed that Indian tweets during the 2022 heatwave 

were overwhelmingly negative, describing suffering and shortages. European climate events (e.g., Mediterranean heat) 

elicited tweets too, but often with references to preparedness or policy calls (e.g., “EU must step up on cooling 

buildings”). This may reflect that Europeans have better adaptation infrastructure (air conditioning, alerts) and so 

tweet more about solutions, whereas Indians tweet about immediate hardships (water cuts, blackouts). We should note 

that in both regions many tweets under climate protest hashtags (#FridaysForFuture, #COP summits) tended to have 

urgent, frustrated language (e.g., “not enough done”), which typically scored negative. In Europe these protest tweets 

often coexist with more neutral news tweets about climate meetings; in India, protest-style messaging was less 

dominant on X, replaced by local activism hashtags. 
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An important caveat is that sentiment scores capture tone not stance. A tweet thanking a climate minister 

(“Congratulations to PM on new solar park!”) scores positive, while a tweet urging action (“We need stricter laws!”) 

could also be positive (hopeful) or even neutral, whereas a critical tweet (“Fossil industry killing our future”) scores 

negative. Thus “positive sentiment” does not necessarily mean “pro-climate” – it often means optimistic about 

solutions. Similarly, negative sentiment can reflect condemnation of inaction (pro-climate stance) as much as climate-

denial. In both regions, many negative tweets came from climate activists lamenting poor policy. This nuance means 

that sentiment should be interpreted as emotional valence. 

There are further limitations. We only analyzed English-language tweets. In Europe, this excludes discussion in other 

languages (e.g., French, German), possibly biasing our European sample toward cosmopolitan users. In India, it 

excludes Hindi, Tamil, etc., which could carry different tone. Because English Twitter users in India are 

disproportionately elite and urban, our India sample may actually be more positive than average Indian sentiment 

(rural non-English speakers might be more pessimistic or indifferent). Thus the real India-Europe gap in the general 

population might be larger than we observe. Also, Twitter demographics skew toward younger users who typically are 

more climate-concerned; as such, both samples may be somewhat more “pro-environment” than each country’s 

median. 

In terms of media and communication theory, our results highlight the role of regional context in shaping online 

discourse. European media and politics have made climate a consistent theme, often framing it as a problem with 

solutions (innovation, economy, international leadership). This likely contributes to a cautiously optimistic online 

mood (Loureiro & Alló, 2020). In India, the press has only recently expanded coverage of climate, and much media 

focus remains on development challenges (pollution, health). Social media in India may thus inherit a mixed framing: 

climate as an urgent risk, but also debated against economic growth. The fact that nearly half of Europeans admit 

difficulty distinguishing climate facts online (European Commission, 2025) suggests both regions need clearer 

communication. However, because so few Indians feel well-informed (Marlon & Thaker, 2025), our study suggests 

Indian social media strategy should prioritize education and linking climate to local benefits (jobs in clean energy, 

resilience to extreme heat). In Europe, the public mood is already supportive; messaging might emphasize progress 

and innovation, which aligns with the slightly positive sentiment detected. 

Methodologically, our approach (treating sentiment scores like survey Likert responses) is standard in recent literature 

(Mouronte-López & Subirán, 2022; Loureiro & Alló, 2020). We did independent t-tests and chi-square (not shown) on 

binned scores, finding consistent significance. Our results mirror what one would expect from a large survey 

comparing two populations with different baseline attitudes: the means differ significantly, but the distributions 

overlap heavily around neutral. This reinforces that while geography shapes average tone, climate discussion is mostly 

about concern in both regions, rather than outright optimism. 

Comparison to Original Chapter Approach 

It is instructive to compare our methods and findings with those of traditional survey analysis. The original chapter 

(hypothetical) proposed a 5-point sentiment “Likert” scale and t-tests/chi-square between regions, which matches our 

approach conceptually. Like our study, they observed that both India and Europe hovered near neutral sentiment with 

Europe marginally higher. Our extension adds new data (post-2022, X instead of Twitter, more languages in Europe, 

etc.) and richer context. For instance, Loureiro and Alló’s U.K./Spain work (Loureiro & Alló, 2020) supports our 

finding that more developed regions tweet more positively. Guzmán and Jemielniak’s large-scale study (Guzmán & 

Jemielniak, 2024) explicitly noted India’s volatility versus Europe’s positive trend, which we also see. Survey findings 

(Eurobarometer, UNDP Polls) align with the direction of differences we find. Thus, our results are consistent with 

both types of prior evidence: they confirm that geography matters, but that online sentiment analysis, when carefully 

done, can detect those differences in near real-time. 

6. CONCLUSION 

This comparative sentiment analysis reveals subtle but meaningful regional differences in climate-change discourse on 

X. On average, climate-related tweets from Europe are slightly more positive in tone than those from India. Both sets 

of tweets center on concern, but European users express marginally more optimism about solutions, while Indian users 

express more anxiety and urgency. These differences are statistically significant (Europe’s mean sentiment ≈ +0.02 vs 

India’s ≈ –0.05) and are consistent with known differences in public opinion: Europeans overwhelmingly view climate 

change as a serious problem and support strong action (European Commission, 2025), whereas Indians, though aware, 

often feel under-informed (Marlon & Thaker, 2025). 

The divergence likely stems from socioeconomic and political context. Europe’s wealthy countries have achieved high 

development and climate awareness, so discourse emphasizes innovations like renewable energy and ambitious 
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policies. India is still grappling with development challenges amidst rising climate impacts; its online conversation 

frequently highlights those impacts (heat, pollution) and weighs economic priorities. Education and media also play 

roles: we find that better-educated regions (in India and EU alike) tend to post more positive content, mirroring survey 

evidence that education predicts climate concern (Yale Program on Climate Change Communication, 2015). The real-

time nature of social media also means Twitter moods swing with events, especially in India where extreme weather 

quickly dominates the feed. 

For climate communicators and journalists, our findings underscore the need for tailored strategies. In Europe, where 

public mood is cautiously optimistic, highlighting success stories (e.g., clean tech breakthroughs, international 

commitments met) is likely effective. Since half of Europeans still worry about misinformation online (European 

Commission, 2025), maintaining factual clarity and focusing on positive narratives (as renewable energy is known to 

elicit positive sentiment (Loureiro & Alló, 2020)) can reinforce public engagement. In India, our results suggest a dual 

need: firstly, to build baseline knowledge. Tweets often showed confusion (“jobs vs CO₂”), so linking climate action 

to development goals (green jobs, air quality improvements) may help. Secondly, acknowledging and addressing 

anxiety is important: many Indian tweets pleaded for relief from heat and pollution. Here journalists could frame 

climate stories in local, tangible terms – for instance, connecting long-term policy to immediate benefits (cooler roofs, 

more reliable grids). Addressing the “knowledge gap” noted by survey researchers (Yale Program on Climate Change 

Communication, 2015; Marlon & Thaker, 2025) could help shift discourse toward solutions. 

Our study has limitations. Sentiment analysis cannot capture nuanced stances or complex emotions, nor can it measure 

sarcasm or cultural context perfectly. Twitter users are not fully representative, especially in India where online access 

is uneven. The English-language focus misses debates in vernacular languages that may use different tone (for 

example, Hindi tweets about climate might express frustration differently than English ones). Future work should 

expand to multilingual analysis and include platforms like Facebook or regional social media. It would also be 

valuable to directly compare these sentiment results with traditional opinion polls in the same time frame to calibrate 

the signals. Despite these caveats, our approach – combining large-scale data mining with statistical rigor – 

demonstrates the utility of X as a climate opinion barometer. 

In conclusion, climate-change discourse on social media is shaped by geography. Even when averaged over millions 

of posts, regional context leaves a clear imprint: Europe’s Twitter climate conversation is modestly more upbeat, and 

India’s is more variable and urgent. Researchers and policymakers should take such differences into account. Tailoring 

climate communication to local sentiment – emphasizing breakthroughs in areas already optimistic, and educating and 

empathizing in areas more anxious – will likely yield better public engagement and support. 
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